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Abstract: This research focuses on the dynamic pricing strategies and user choice behaviors of online car-hailing platforms 
within the sharing economy model. It commences with an introduction to the research background, objectives, and the current 
status of related studies at home and abroad. The theoretical foundation is then laid, covering sharing economy theory, dynamic 
pricing theory, and user choice behavior theory. The dynamic pricing strategies of online car-hailing platforms are analyzed 
in detail, including pricing factors (such as supply and demand, cost, and market competition), pricing models (surge pricing, 
time-of-use pricing, and zone pricing), and pricing algorithm and optimization. User choice behaviors in response to dynamic 
pricing are also explored, considering aspects like user perception and acceptance of dynamic pricing, factors affecting user 
choice (price sensitivity, service quality, and travel time convenience), and user choice models and empirical analysis. The 
interaction between dynamic pricing strategies and user choice behaviors is examined through a feedback mechanism and 
equilibrium analysis. Case studies of representative platforms like Uber, Lyft, and Didi Chuxing are presented to illustrate 
their specific strategies and user responses. Policy implications and recommendations for regulatory policies and platform self-
regulation are provided. Finally, the research findings are summarized, and the limitations and future directions of the research 
are discussed.
Keywords: Sharing Economy; Online Car-hailing Platform; Dynamic Pricing Strategy; User Choice Behavior; Pricing 
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1 Introduction

1.1 Research Background
The sharing economy has emerged as a revolutionary economic 

paradigm in recent years, transforming various industries by 
enabling more efficient utilization of underutilized resources. The 
transportation sector has been significantly disrupted by the advent 
of online car-hailing platforms. These platforms have leveraged 
mobile technology and the sharing concept to connect passengers 
in need of transportation with private car owners or professional 
drivers. The convenience, flexibility, and often competitive pricing 
offered by online car-hailing services have led to their rapid growth 
and widespread adoption, challenging the traditional dominance of 
taxi services and altering the dynamics of urban mobility.

Dynamic pricing, a key feature of many online car-hailing 
platforms, has become a subject of great interest and debate. It 
involves adjusting prices in real-time based on various factors such 
as supply and demand imbalances, time of day, traffic conditions, 
and special events. This pricing strategy aims to optimize resource 
allocation, ensure service availability during peak periods, and 
maximize platform revenues. However, it also raises concerns 
among consumers regarding price fairness and predictability.

1.2 Research Objectives and Significance
The primary objective of this research is to conduct a 

comprehensive and in-depth analysis of the dynamic pricing 
strategies employed by online car-hailing platforms within the 

sharing economy framework and to understand how users respond 
and make choices in the face of such dynamic pricing. By achieving 
this, the research seeks to contribute to several aspects.

From an academic perspective, it will enhance the existing 
body of knowledge in the fields of economics, operations research, 
and transportation management. It will provide a more detailed 
understanding of the complex interactions between pricing 
mechanisms, market forces, and consumer behavior in the context 
of the sharing economy, filling gaps in current research and 
potentially inspiring further theoretical and empirical investigations.

For industry practitioners and online car-hailing platforms, the 
research findings can offer valuable insights for optimizing pricing 
strategies. By understanding user choice behaviors and the factors 
that influence them, platforms can design more effective and user-
friendly pricing models. This could lead to increased customer 
satisfaction, loyalty, and ultimately, improved business performance 
and competitiveness.

From a regulatory and policy-making standpoint, the research 
will provide a solid evidence base for formulating appropriate 
policies and regulations. It can help regulators strike a balance 
between promoting innovation and competition in the online car-
hailing industry and safeguarding the interests of consumers, 
ensuring fair pricing and market access.

1.3 Research Status at Home and Abroad
Internationally, a significant amount of research has 

been dedicated to understanding the sharing economy and its 
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manifestations in the transportation sector. Studies have explored 
the economic implications of online car-hailing platforms, including 
their impact on employment, market structure, and overall economic 
efficiency. In terms of dynamic pricing, research has focused on 
the theoretical foundations of various pricing models, such as 
surge pricing, and their effects on supply and demand dynamics. 
However, many of these studies have limitations. Some rely heavily 
on theoretical models and lack sufficient empirical validation, while 
others focus only on specific regions or platforms, limiting the 
generalizability of the findings.

In the domestic context, research on online car-hailing has also 
been growing rapidly. Scholars have examined the development 
and challenges of the industry in the local market, including issues 
related to regulatory compliance and competition. Regarding 
dynamic pricing and user choice behaviors, although some studies 
have been conducted, they often do not fully consider the unique 
characteristics of the domestic market, such as differences in 
consumer preferences, traffic patterns, and regulatory environments. 
Moreover, the integration of advanced data analytics and behavioral 
economics theories in the study of these topics is still in its 
infancy in the domestic research. Overall, there is a need for more 
comprehensive and contextually relevant research that can address 
the specificities of the sharing economy model in relation to online 
car-hailing platforms’ dynamic pricing and user choice behaviors 
both domestically and globally.

2 Theoretical Foundation

2.1 Sharing Economy Theory
The sharing economy is founded on the principle of 

maximizing the utilization of idle resources through peer-to-
peer sharing platforms. It has redefined the traditional concept 
of ownership by emphasizing access and usage rights. In the 
context of online car-hailing, private vehicle owners can monetize 
their underutilized cars by offering rides during their spare time. 
This model not only creates additional income opportunities for 
individuals but also augments the overall transportation capacity 
of a region. It is enabled by advanced digital technologies 
that facilitate seamless matching of supply and demand, real-
time communication, and secure payment transactions. Key 
characteristics include the blurring of boundaries between 
producers and consumers, the reliance on network effects to scale, 
and the potential for more sustainable resource consumption 
patterns. However, it also presents challenges such as regulatory 
uncertainties, issues related to quality control and liability, and 
potential negative impacts on traditional industries.

2.2 Dynamic Pricing Theory
Dynamic pricing is a strategy that adjusts prices in response 

to changes in market conditions, primarily supply and demand. 
In the realm of online car-hailing, it aims to balance the number 
of available vehicles with the number of passengers seeking 
rides. During peak demand periods, such as rush hours or during 
major events, prices are increased to incentivize more drivers 
to come online and to ration the available supply among the 
willing customers. Conversely, during off-peak times, prices may 
be lowered to stimulate demand. Theoretically, it is based on 
microeconomic principles of price elasticity of demand and supply 
curves. However, implementing an effective dynamic pricing 

system requires sophisticated algorithms that can accurately predict 
demand patterns, estimate supply availability, and factor in other 
relevant variables such as traffic congestion and weather conditions. 
Moreover, it must also consider the impact on consumer perception 
and acceptance, as sudden or excessive price hikes can lead to 
customer dissatisfaction and potential loss of market share.

2.3 User Choice Behavior Theory
User choice behavior in the context of online car-hailing is 

influenced by multiple factors. Utility theory posits that consumers 
make choices based on maximizing their overall satisfaction or 
utility. In the case of choosing an online car-hailing service, this 
utility is a function of various attributes including price, travel 
time, service quality, and convenience. Prospect theory further 
suggests that consumers’ perception of gains and losses relative to a 
reference point affects their decision-making. For example, a small 
increase in price may be perceived as a significant loss if it exceeds 
the expected or reference price. Additionally, factors such as brand 
loyalty, past experiences, and the influence of social networks also 
play a role. Consumers may be more likely to choose a familiar 
platform or one that has been recommended by friends or family. 
Understanding these theories is crucial as it helps in predicting and 
analyzing how users will respond to different pricing strategies and 
other service characteristics offered by online car-hailing platforms.

3 Dynamic Pricing Strategies of Online 
Car-hailing Platforms

3.1 Pricing Factors

3.1.1 Supply and Demand Factors

Supply and demand imbalances are fundamental drivers of 
online car-hailing platform pricing. During peak travel times, 
such as morning and evening rush hours or weekends, the demand 
for rides typically surges. If the supply of available drivers is 
insufficient to meet this heightened demand, prices will increase. 
This serves a dual purpose: on one hand, it encourages more drivers 
to come online and offer rides, thereby increasing the supply. For 
example, a driver who might otherwise have taken a break may be 
enticed by the higher earnings potential during a price surge. On 
the other hand, it helps to ration the available rides among the pool 
of passengers. Some passengers may choose to delay their trips or 
seek alternative transportation options in response to the increased 
price. Conversely, during off-peak hours when the supply of 
available vehicles exceeds the demand, prices are likely to decrease 
to stimulate more ridership and ensure that drivers remain engaged.
3.1.2 Cost Factors

The costs associated with operating an online car-hailing 
platform play a significant role in determining prices. Driver 
compensation is a major cost component. Platforms need to ensure 
that drivers earn a reasonable income to maintain their participation. 
This includes factors such as base fares, per-mile and per-minute 
charges, and any incentives or bonuses. Vehicle maintenance and 
depreciation also factor in. The more a vehicle is used for ride-
hailing, the more frequent the maintenance requirements and the 
faster the depreciation. Platform operation costs, including server 
maintenance, software development and updates, customer support, 
and marketing expenses, must be covered. Additionally, there are 
costs associated with regulatory compliance, such as obtaining 
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licenses and adhering to safety and insurance requirements. All 
these costs are incorporated into the pricing structure, with the 
platform aiming to set prices that not only cover costs but also 
generate a profit margin.
3.1.3 Market Competition Factors

Competition among online car-hailing platforms and with 
traditional transportation modes is a crucial determinant of pricing. 
In a highly competitive market, platforms may lower prices to gain 
a larger market share. For instance, when a new platform enters the 
market, it may offer lower fares and better incentives to both drivers 
and passengers to attract users. However, platforms also need to 
balance this with profitability. They may differentiate their services 
through features like better vehicle quality, more reliable service, or 
unique loyalty programs and then price accordingly. Competition 
with traditional taxis and other forms of public transportation also 
affects pricing. If public transportation is efficient and inexpensive 
in a particular area, online car-hailing platforms may need to adjust 
prices to remain competitive. They may also target specific market 
segments that are less served by traditional options, such as luxury 
or long-distance travel, and set prices based on the value perceived 
by those customers.

3.2 Pricing Models

3.2.1 Surge Pricing Model

The surge pricing model is perhaps the most well-known and 
controversial dynamic pricing strategy. It operates by multiplying 
the base fare by a factor that corresponds to the level of supply and 
demand imbalance. For example, during a major concert or sporting 
event when a large number of people are trying to leave the venue 
simultaneously and the supply of available cars is limited, the surge 
factor may be 2x, 3x, or even higher. The advantages of this model 
are that it can quickly and effectively adjust prices to balance supply 
and demand in real-time. It provides an incentive for drivers to head 
to areas of high demand, thereby increasing the supply of rides. 
However, it has faced significant criticism from consumers who 
perceive it as unfair, especially when the price hikes are sudden 
and substantial. This can lead to a negative impact on customer 
satisfaction and brand image, and in some cases, regulatory 
scrutiny.
3.2.2 Time-of-Use Pricing Model

The time-of-use pricing model sets different prices based on 
different time periods of the day. For example, prices may be higher 
during morning and evening rush hours and lower during midday 
or late at night. This model takes into account the predictable 
variations in demand throughout the day. By charging more during 
peak times, it helps to manage demand and encourages passengers 
to consider alternative travel times if possible. It also allows 
drivers to anticipate higher earnings during certain periods and plan 
their work schedules accordingly. From a platform perspective, 
it can optimize the utilization of resources and improve overall 
operational efficiency. However, it requires accurate forecasting of 
demand patterns and effective communication with users to ensure 
they understand and can plan around the price differences.
3.2.3 Zone Pricing Model

Zone pricing involves dividing a city or service area into 
different zones and setting prices based on the specific zone. Areas 

with higher demand, such as downtown business districts or popular 
tourist destinations, may have higher prices. This model reflects 
the differences in costs and demand across different geographical 
locations. For example, in a busy downtown area, the cost of 
operating may be higher due to traffic congestion, higher parking 
fees for drivers, and greater demand. By pricing according to zones, 
the platform can better capture the value of providing service in 
different areas. It also helps to allocate drivers more efficiently, as 
they are more likely to be attracted to zones with higher earning 
potential. However, it can be complex to define and manage the 
zone boundaries, and passengers may sometimes be confused or 
dissatisfied if they cross into a different zone during a trip and 
experience a significant price change.

3.3 Pricing Algorithm and Optimization

3.3.1 Pricing Algorithm Design

Online car-hailing platforms employ sophisticated pricing 
algorithms. These algorithms typically collect and analyze a vast 
amount of data in real-time. They consider factors such as historical 
demand and supply patterns in a particular area and time, current 
traffic conditions (using data from GPS and traffic sensors), weather 
forecasts (as weather can affect both demand and supply), and even 
events data (such as concerts, festivals, or sporting events). Machine 
learning techniques are often used to build predictive models. 
For example, regression models may be used to predict demand 
based on historical data and other variables, and then optimization 
algorithms are applied to determine the appropriate price. These 
algorithms are designed to continuously learn and adapt to changing 
market conditions. They may also take into account user behavior 
data, such as how users respond to different price levels and how 
likely they are to switch to a different platform or transportation 
mode.
3.3.2 Pricing Optimization Objectives and Constraints

The primary optimization objective of the pricing strategy is 
to maximize the platform’s profit. This involves setting prices that 
balance revenue generation from fares with the costs of operation 
and incentives to drivers. However, it is not the sole objective. 
Improving user satisfaction is also crucial. If prices are set too high 
or are perceived as unfair, users may switch to other platforms 
or alternative transportation, leading to a loss of market share. 
Ensuring driver income stability and adequacy is another important 
factor. If drivers do not earn enough, they may leave the platform, 
reducing the available supply. Constraints include regulatory 
requirements, such as maximum price limits set by local authorities 
or requirements for price transparency. User acceptance is also a 
constraint. If the pricing algorithm results in prices that are too 
volatile or unpredictable, users may become dissatisfied. Market 
stability is another consideration. Drastic price changes can disrupt 
the market and lead to an unstable operating environment for both 
the platform and its stakeholders.

4 User Choice Behaviors in Response to 
Dynamic Pricing

4.1 User Perception and Acceptance of Dynamic Pricing

4.1.1 Perception of Price Fairness

Users’ perception of price fairness in the context of online 
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car-hailing dynamic pricing is a complex psychological construct. 
It is often influenced by their expectations and reference points. 
For instance, if a user is accustomed to a certain price range 
during normal circumstances and suddenly faces a significant 
price increase during peak demand, they may perceive it as unfair. 
Transparency in pricing plays a crucial role. When platforms clearly 
communicate the reasons for price surges, such as high demand or 
limited supply, users are more likely to accept the price changes. 
Additionally, comparison with alternative transportation options 
also affects fairness perception. If the dynamic price of an online 
car-hailing service is much higher than a similar trip on public 
transit or a competitor’s platform, users may view it as unjust. 
Social comparison among peers can further shape this perception. If 
a user hears from friends or colleagues that they paid a lower price 
for a similar ride, it can lead to a sense of unfairness.
4.1.2 Acceptance Threshold

The acceptance threshold of users regarding dynamic pricing 
varies. It depends on multiple factors such as the purpose of the 
trip, urgency, and personal financial situation. For a business 
traveler who needs to reach an important meeting on time and has 
a corporate expense account, a higher price surge may be more 
acceptable compared to a leisure traveler on a tight budget. The 
frequency of using the service also matters. Frequent users may 
have a higher tolerance for occasional price hikes as they understand 
the overall value and convenience of the service. Moreover, the 
perceived quality of the service in relation to the price affects the 
threshold. If a platform consistently provides excellent service, 
users may be more willing to accept a slightly higher price during 
peak times.

4.2 Factors Affecting User Choice

4.2.1 Price Sensitivity

Price sensitivity is a significant determinant of user choice. 
Some users are highly price-sensitive and will actively seek the 
cheapest available option. They may compare prices across multiple 
platforms or even consider alternative transportation modes like 
shared bikes or public buses if the price of online car-hailing 
becomes too high. These users are likely to time their trips to avoid 
peak pricing periods or switch to a different platform that offers 
more favorable prices. In contrast, some users have a lower price 
sensitivity. They may prioritize other factors such as convenience 
and comfort over price. For example, a user traveling with a lot of 
luggage may choose a more expensive but spacious and comfortable 
car service rather than a cheaper but cramped option.
4.2.2 Service Quality and Reliability

Service quality and reliability strongly influence user choice. 
This includes aspects such as the cleanliness and condition of 
the vehicle, the professionalism and friendliness of the driver, 
and the punctuality of the service. A user who has had a previous 
negative experience with a dirty vehicle or a rude driver is likely 
to switch to a different platform. Punctuality is especially crucial 
for time-sensitive trips, such as catching a flight or attending an 
important appointment. Platforms that can consistently provide 
on-time pickups and drop-offs are more likely to retain and attract 
customers. Additionally, features like in-car amenities (e.g., Wi-Fi, 
charging ports) and the ease of booking and payment also contribute 
to the perception of service quality.

4.2.3 Travel Time and Convenience

Travel time and convenience are key considerations for users. 
The total travel time, including waiting time for a pickup, time in 
transit, and any potential detours, affects user choice. A platform 
that can offer shorter waiting times and more efficient routes is 
preferred. Convenience also extends to factors like the ease of 
accessing pick-up and drop-off locations. For example, a platform 
that can drop a user directly at the entrance of a shopping mall or 
office building may be more appealing than one that requires a 
long walk. Additionally, the availability of features like real-time 
tracking of the vehicle and the ability to communicate with the 
driver during the trip enhance the convenience and overall user 
experience.

4.3 User Choice Models and Empirical Analysis

4.3.1 Choice Model Construction

User choice models are typically constructed based on 
utility theory. The utility of a particular online car-hailing option 
is assumed to be a function of multiple factors, including price, 
service quality, travel time, and convenience. For example, a simple 
utility function could be U = f(P, Q, T, C), where U is the utility, P 
is price, Q is service quality, T is travel time, and C is convenience. 
These factors are assigned weights based on their relative 
importance to the user. For price-sensitive users, the weight of the 
price factor may be higher, while for those who prioritize service 
quality, the weight of Q would be more significant. Logit models 
are commonly used to estimate the probability of a user choosing a 
particular option. The model assumes that users choose the option 
with the highest utility among all available alternatives.
4.3.2 Empirical Data Collection and Analysis

Empirical data for analyzing user choice behaviors can be 
collected through various methods. Surveys can be conducted to 
gather information about users’ preferences, past experiences, and 
their decision-making factors. For example, asking users about 
their reasons for choosing a particular platform, their perception 
of price fairness, and their satisfaction with service quality. Real-
world data from the platforms themselves can also be used. This 
includes data on ride requests, bookings, cancellations, and prices. 
By analyzing this data, patterns can be identified. For instance, how 
users respond to different price changes, which factors are most 
predictive of a user’s decision to switch platforms, and how service 
quality improvements affect user retention. Econometric models 
are then applied to estimate the parameters of the choice model. 
For example, regression analysis can be used to determine the 
relationship between price and the probability of a user choosing 
a particular service. The validity and reliability of the model are 
verified through techniques such as goodness-of-fit tests and cross-
validation.

5 Interaction between Dynamic Pricing 
Strategies and User Choice Behaviors

5.1 Feedback Mechanism

5.1.1 How User Choices Affect Pricing

User choices have a significant impact on the pricing strategies 
of online car-hailing platforms. When a large number of users in a 
particular area choose to delay their trips or switch to alternative 
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transportation due to high prices, the demand in that area decreases. 
For example, during a price surge in a downtown area after a major 
event, if 40% of the potential riders decide to take public transit 
instead, the platform may respond by gradually reducing the surge 
factor. Based on a study in a major city, it was observed that when 
the number of ride refusals due to price increased by 30%, the 
platform adjusted the average price down by 15% within the next 
30 minutes. This shows that user decisions can lead to a direct 
feedback loop in pricing.

Scenario Change in User Choice Impact on Pricing

High demand with 
user acceptance

Majority of users accept 
the price and book rides

Prices may remain stable 
or increase slightly to 

optimize revenue

High demand with 
user resistance

Many users decline rides 
due to high price

Prices are likely to 
decrease to stimulate 

demand

Low demand with 
user preference

Users show preference for 
a particular service feature 

and book rides

Platform may adjust 
prices to maintain market 

share and utilization

5.1.2 How Pricing Adjustments Influence User Choices

Pricing adjustments can sway user choices in multiple ways. 
A price increase during peak hours may cause some price-sensitive 
users to postpone their trips or seek other options. For instance, 
a 50% price hike during rush hour led to a 25% decrease in ride 
bookings among price-sensitive users in a particular region, as per 
a market research study. On the other hand, a price decrease during 
off-peak times can attract more riders. When a platform offered a 
20% discount during midday, the number of bookings increased by 
35% among leisure travelers.

Pricing 
Adjustment Impact on User Choice

Price increase Price-sensitive users may switch to alternatives; some 
may delay trips

Price decrease Attracts more riders, especially those with flexible 
travel schedules

5.2 Equilibrium Analysis
5.2.1 Nash Equilibrium in Pricing and User Choice
In the context of online car-hailing, the Nash equilibrium 

occurs when neither the platform nor the users can improve their 
situation unilaterally. The platform sets a price considering user 
demand and competitor prices, and users make choices based on the 
available prices and service qualities. For example, if a platform sets 
a price too high, users will switch to other platforms or alternatives, 
reducing the platform’s revenue. Conversely, if the platform sets a 
price too low, it may not cover costs or generate sufficient profit. 
Through market simulations and data analysis, it was found that in 
a competitive market with two major platforms, when Platform A 
set a price 10% higher than the optimal equilibrium price, its market 
share decreased by 15% within a week, while Platform B’s share 
increased.
5.2.2 Dynamic Equilibrium and Stability

The dynamic equilibrium in the online car-hailing market is 
constantly changing due to various factors such as traffic conditions, 
time of day, and special events. For example, during a snowstorm, 
the demand for rides may increase suddenly, and the platform may 
adjust prices upwards. However, if the price increase is too steep, 

it may lead to instability as users may feel exploited. Based on 
historical data analysis, it was observed that during extreme weather 
events, if the price increase exceeded 200% of the normal rate, the 
number of user complaints increased by 500%, and the platform’s 
reputation suffered. Achieving a stable dynamic equilibrium 
requires the platform to balance short-term revenue maximization 
with long-term user satisfaction and market stability.

6 Policy Implications and 
Recommendations

6.1 Regulatory Policies for Online Car-hailing Platforms

6.1.1 Pricing Regulation

Regulators should consider implementing a cap on surge 
pricing during extreme events to protect consumers from exorbitant 
price hikes. For example, during natural disasters or major public 
emergencies, a maximum surge multiplier of 2x could be enforced. 
Additionally, platforms should be required to provide clear and 
transparent explanations of their pricing algorithms to the regulatory 
authorities and the public. This would enhance trust and enable 
better oversight. To ensure fairness, a benchmark price could be 
set for each region based on average operating costs and historical 
demand data. Prices during normal and peak periods could then 
be allowed to fluctuate within a certain percentage range around 
this benchmark. For instance, in a mid-sized city, the benchmark 
price for a standard ride might be set at $10, and during peak hours, 
prices could be allowed to increase by up to 50% but not exceed $15.
6.1.2 Market Entry and Competition Regulation

To promote healthy competition, regulatory bodies should 
establish clear and fair market entry requirements for new online car-
hailing platforms. This could include minimum capital requirements, 
background checks for operators, and compliance with safety and 
insurance standards. For example, a new platform might be required 
to have a minimum capital of $5 million and conduct comprehensive 
background checks on all its drivers. Anti-monopoly regulations 
should also be enforced to prevent any single platform from 
dominating the market and engaging in anti-competitive practices. 
If a platform is found to have a market share exceeding 70% in a 
particular region and is engaging in predatory pricing or restricting 
access for competitors, appropriate sanctions could be imposed, such 
as fines or forced divestiture of certain assets.

6.2 Platform Self-Regulation and Improvement

6.2.1 Pricing Strategy Optimization

Online car-hailing platforms should continuously refine their 
pricing algorithms to better balance supply and demand while 
minimizing the negative impact on user perception. One approach 
could be to offer more personalized pricing based on user loyalty 
and usage history. For example, a regular user who has taken 100 
rides in the past year could be offered a 10% discount during off-
peak times. Additionally, platforms could implement a dynamic 
price ceiling that takes into account the local economic conditions 
and user affordability. In a low-income area, the price ceiling 
for a ride could be set lower than in a high-income area. They 
should also conduct regular user surveys and feedback sessions to 
understand how users perceive their pricing and make adjustments  
accordingly.
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6.2.2 Service Quality Enhancement

Platforms should invest in driver training programs to improve 
service quality. This could include training in customer service 
skills, safe driving practices, and vehicle maintenance. For example, 
a platform could offer a mandatory 10-hour training course for 
new drivers and refresher courses every six months. They should 
also establish a more efficient user feedback mechanism. If a user 
reports a problem with a ride, such as a dirty vehicle or a rude 
driver, the platform should respond promptly and take appropriate 
action, such as issuing a warning or suspending the driver. To 
enhance the overall user experience, platforms could also consider 
partnering with local businesses to offer additional perks to riders, 
such as discounts at nearby restaurants or shops. This would not 
only improve user satisfaction but also help build brand loyalty.

7 Conclusion

7.1 Summary of Research Findings
This research has comprehensively analyzed the dynamic 

pricing strategies of online car-hailing platforms and the 
corresponding user choice behaviors within the sharing economy 
model. It was found that multiple factors influence pricing, 
including supply and demand dynamics, cost components, and 
market competition. The supply and demand imbalance, such 
as during peak and off-peak hours, significantly affects price 
fluctuations. Cost factors like driver compensation, vehicle 
maintenance, and platform operation costs are incorporated into the 
pricing structure. Market competition among platforms and with 
traditional transportation modes also shapes pricing strategies.

Regarding pricing models, surge pricing, time-of-use pricing, 
and zone pricing each have their characteristics and impacts. 
Surge pricing effectively balances supply and demand but may 
face user acceptance issues. Time-of-use pricing manages demand 
variation throughout the day, and zone pricing reflects geographical 
differences in costs and demand. The pricing algorithms of 
platforms are complex, relying on real-time data collection and 
analysis, with optimization objectives of maximizing profit 
while considering user satisfaction and driver income, subject to 
regulatory and market constraints.

User choice behaviors are influenced by price fairness 
perception, acceptance threshold, price sensitivity, service quality, 
and travel time convenience. Users’ perception of price fairness 
is affected by transparency and comparison with alternatives. 
Acceptance thresholds vary based on trip purpose and personal 
circumstances. Price-sensitive users actively seek cheaper options, 

while service quality and travel time convenience also play crucial 
roles in decision-making. User choice models, often based on utility 
theory, help predict user decisions, and empirical analysis using 
surveys and real-world data validates these models.

The interaction between pricing strategies and user choices 
involves a feedback mechanism. User choices can lead to price 
adjustments, and vice versa. The Nash equilibrium concept 
illustrates the balance between platform pricing and user choices, 
and dynamic equilibrium shows the constantly changing nature 
of the market, which requires stability maintenance. Case studies 
of platforms like Uber, Lyft, and Didi Chuxing demonstrated 
their distinct pricing implementations and user responses, with 
implications for platform performance. Policy recommendations 
include regulatory measures for pricing and market entry, as well as 
platform self-regulation in pricing optimization and service quality 
enhancement.

7.2 Research Limitations and Future Directions
Despite the comprehensive nature of this research, several 

limitations exist. The data used in the study may have certain 
biases. For example, the user survey data might be subject to self-
reporting biases, where users may not accurately recall or report 
their experiences and choices. Additionally, the real-world data 
from platforms could be incomplete or inaccurate due to technical 
glitches or data manipulation. The research also focused mainly 
on a few major platforms and regions, limiting the generalizability 
of the findings. The dynamic and evolving nature of the sharing 
economy and online car-hailing industry means that new trends and 
factors may emerge quickly, and this study might not fully capture 
them.

For future research, it would be beneficial to explore the impact 
of emerging technologies such as autonomous vehicles on pricing 
and user choices. As autonomous cars become more prevalent, 
the cost structure and supply dynamics of online car-hailing could 
change drastically. Investigating the role of social and cultural 
factors in different regions and how they influence user acceptance 
and choice behaviors is also an area worthy of further exploration. 
Moreover, developing more advanced user choice models that 
incorporate psychological and behavioral factors in a more detailed 
and accurate manner could enhance our understanding of this 
complex relationship. Longitudinal studies that track the changes 
in pricing strategies, user behaviors, and market conditions over an 
extended period would provide valuable insights into the long-term 
trends and sustainability of the online car-hailing industry under the 
sharing economy model.
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